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ABSTRACT: The transcriptome of a cell can be interpreted as a fingerprint, revealing its identity. Recent advances in single-cell
RNA-sequencing (scRNA-seq) provide the feasibility of measuring the cellular heterogeneity and dynamic changes of individual cells
during stem cell differentiation. SCRNA-seq will be useful for a better understanding of differentiation dynamics in a variety of stem cells.

Several algorithms have been developed to quantitatively measure differentiation states of individual cells and reconstruct their lineages

from scRNA-seq data. In this article, we mainly review the typical algorithms used in stem cell research.
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